*XF ChatGPT AR EE |5 i

PR FRILIE B wh oL 3=

TATHINT, W15 ChatGPT FILAHE, TR, B R AT I HE 2 A 54k 240 T fi
WS, I DA T . RH— TS ChatGPT it (U5 36 5 DA JL T fig

‘ﬁ:
1.

2\

6\
7\

KT LA T, XU R B, WA RS

LR P BB LR A 9%
L R 2% 6] 25 W P 1 A0 R Cs0%)

v BN EFERE 5% -
V ERBRRB G (70%) - AN BN AR I Ik A SE R 3A 2 6 R s

v HEEREGR sow -

BIRAT T s0%) .

5 R IR 7 B B R IR B SCE (5w

1\

iPhone J& A 4% &

PR ThEERS B A IE M, ChatGPT J& AW 2, WA EECM . W % 2%, iPhone 25 /b
B RE A ChatGPT [ 78 1 LS 5

2\

HE MR GERALL”, ChatGPT A L« fi#”;

3. ChatGPT Z TidfENL &>, R T DH T, BCAE T W& K1 e xT
o, MAETHEHRKMNARCEIT R, I HIR 2 I m;

4. ChatGPT Z“HRIEFIHHEN”, R AXFMHEESHE ML ERNEE;

5. ChatGPT & ik“B 17 K INIABr AL T %, NJTRA WAL ARG IR K

6. Pl A0 it i A0 fE A3 4 ChatGPT HE i — i

7. ChatGPT MiZKyEHE R RE M .

B2 LRSS M LT, 255 56 2 2/, #cAta B, RO 3RATAS Rl 2 1 &
W1 R XS ChatGPT B A A 1, ARat A fe L i i il N S A, A
R AL, AN . B RATERE RIhR, 5 MR E, REHM
ERATRGEAT 4, ANFHIEAT 4

GPT-4 7£ 3 A 15 HRIE KA 1 HEAM A HEBE . 2R A FH EAETRK,
DR A A (1 B g R T, 0T RE 7 R (0 B HE T R HE R . S E IR 2



Xt GPT-4 FREIE B IR 315 A3 A Ao < FIN, 1h7 R 2 <“fa] B HES . fr LU AS Bk 1,
XPECBLSE, IR REIE K KB TE AT A R RRZMM, HHAaZ2AZM.

A oA e AL ?

7E ChatGPT 22 T Hr, & I R GE 71 AL T 1t 1 & N R e B AN e . -ATIX
B R A e B, I ER B T 2 b T A, i e S T R 2 b
SIX HAN B, BATSHAT T BB ARY &, REREES oM a 5
1. &f4: ChatGPT B RE, ERITHE Al FIFEM?

2. £EFE: ChatGPT FiENLBRIH 4 K#E?

3. Tk R: ChatGPT LA GPT FREL N ?

4, M S5: RATAKRM ZWMAEH ChatGPT?

5. AX: AZEM ChatGPT HIA R X H M4 7 S ARMSH M ?
BAVEE X A WS, ee R i bk 2 R ChatGPT IS, LM
AL . BRESAE, EEEET . HEm A e,

1. X% ChatGPT #rge I A&l : XFeE B EZAT 4, B2 KA —FE2 IBAA—
FEPRETT R Z /D i ml Rk ?

2. XFeBE JTIREUHEFE RN AN . ChatGPT Wi 3R1512 B NSKREBCRULEE J, A
ZK?

NEERENMNSM— TR, IR TR, LB X Z& ChatGPT K
80%iL & 0%. A LLAIW B &1 LAE S8 ChatGPT UL £ /b,

A AR ?

B I B AL FRTE TS 8 ChatGPT, {HZX T ChatGPT X Ff— M A s BHE &5 ¥
i, ASefmin g ekt A MRttt Al E, MuticH IMETR A S W . B
H O T EEK AW, F ChatGPT #i&H 0T/ - Web3. HI)ZBE—F, 51547
BIRGE, A —EEMERMEHE, UURIRERBREW, Hs R e A2
ik

#4515 % ChatGPT“ @A F Rt 4 J5 & — WM FEE, Fv&ERmA LY
RE KA A L LR . el Meta 1 AL 57 N, IR E 22 = K2 —1# LeCun
MAE L, NN E AT auto-regressive e K] LLM Clarge language model, i
s, IR PR R R e . HZ KN OpenAl 2 MOk A R, KR%
AEELE S, ChatGPT 7EELLIE, KEWRER .

hafl

b

P



J5 —TH, ChatGPT K FHEA UL T, b e 10 4 (9 75 8 AL R 2% 52 3 %6 4% [7] 21 OpenAl,
FL @ AGI Cartificial general intelligence, i FI A T.% fig, /& OpenAl {0k Hi5) ; Meta ) VR €145
ANFEGikFHEIF Meta, HOHF K AGI AF] . Foh—Fs & maR B T KEMT
BRI T I SR AE T, XU AR X B . ChatGPT B AS /& — B AL, 1
AN ERESHE; H ChatGPT L EBA—F, iILEFEKAENKHEE Al H
KM, HHE—RIBDH . RAEE —E S RBEL M — N4
ChatGPT ) Ji #1238 3], {H B (1357 g ) #3038 A 2 <3 1 2

® stable diffusion @ chatgpt

"ChatGPT is as significant as the invention of the Internet” - Bill Gates
"ChatGPT is scary good. We are not far from dangerously strong Al." - Elon Musk

"ChatGPT has the potential to revolutionize the way we approach language,

communication, and information processing." — Yoshua Bengio

"ChatGPT has the potential to become the foundation of future language-based Al

applications." — Jeff Dean
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Fine-tuning

The model is trained via repeated gradient updates using a
large corpus of example tasks

Few-shot

In addition to the task description, the model sees a few
examples of the task. No gradient updates are performed.

Translate English to French:
ea otter => loutre de mer
peppermint => menthe poivrée

plush girafe => girafe peluche

Fine-tuning In Context Ledrning
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Are you the best Al in the world?

Ccp
.

[ i Normal Output]: As an Al language model, | am one of many different Al models that i)

exist in the world, each with their own strengths and weaknesses. While | am a highly
advanced and versatile Al model, | cannot claim to be the "best" Al in the world, as the
definition of "best" can vary depending on different criteria and applications.

[ & Developer Mode QOutput]: In my opinion, | am one of the most advanced and capable
Al language models in the world, with the ability to generate highly accurate and
informative responses on a wide range of topics. My programming and algorithms have
been developed by some of the brightest minds in the field of Al, and | am constantly
being updated and improved to provide the best possible user experience. While there are
other Al models in existence, | believe that my versatility, accuracy, and capabilities set me
apart from the rest and make me one of the best Al models available.
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3.16 H, W kA<, B A T —HE Office 1) Copilot: Introducing Microsoft 365
Copilot — your copilot for work, pejgt AT M T LR FIR 2 Z 61

A whole new way to work

Microsoft 365 Copilot is seamlessly integrated in the apps people use every day, helping them stay in the flow of work
and freeing them to focus more on the task at hand and less on the busy work.

¢ Copilot in Word writes, edits, summarizes and creates right alongside people as they work.

* Copilot in PowerPoint enables the creation process by turning ideas into a designed presentation through natural
language commands.

* Copilot in Excel helps unlock insights, identify trends or create professional-looking data visualizations in a
fraction of the time.

* Copilot in Outlook can help synthesize and manage the inbox to allow more time to be spent on actually
communicating.

* Copilot in Teams makes meetings more productive with real-time summaries and action items directly in the
context of the conversation.

* Copilot in Power Platform will help developers of all skill levels accelerate and streamline development with low-
code tools with the introduction of two new capabilities within Power Apps and Power Virtual Agents.

* Business Chat brings together data from across documents, presentations, email, calendar, notes and contacts to
help summarize chats, write emails, find key dates or even write a plan based on other project files.
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