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5.Datenauswertung

6.Problematik/Fazit During home Office | found a new Love for wearing leggings. | used to
hate them but now | get the hype. | need more!

Sentiment Labels: ® Positive

® Neutral

® Negative



https://www.sciencedirect.com/science/journal/12019712

VORAUSSETZUNGEN

o Erstellen eines Twitter Dev Accounts Hier in einem Ubuntu Linux OS
e Pythond Installation
e Erstellen einer Twitter app apt install python3
e Speichern der Private und public e pip Installation
keys fur die APl Verbindung apt install python3-pip
e Aufrufen und generieren der  Tweepy Installation
Authentication tokens Pip install tueepy

o Kafka Installation
pip install kafka-python

e Python Twitter installation
pip 1nstall python-twitter



DATENERHEBUNG

Aktuelle/Streamed Daten von Twitter APl beziehen
— Voraussetzung Twitter Dev account
1.Hier mit setup einer VM/kann auch lokal bezogen werden
2.Installation von apache Kafka auf Linux OS (beinhaltet Zookeeper)

3. Starten des Kafka Servers

v {'kafka directory »/bin/kafka-server-start.sh config/server.properties

4. Starten einer zweiten shell um ein topic in Kafka zu erstellen

v§ {'kafka directory »/bin/kafka-topics.sh --create --bootstrap-server localhost:9092 --replication-factor 1 --partitions 1 --topic { name’>

5. Anpassen der 'server.properties'-file (+Bootstrap connection)
6. Schreiben des Python scripts




SCRIPT ZUR DATENERHEBUNG

from tweepy.streaming import StreamlListener
from tweepy import OAuthHandler

from tweepy import Stream

from kafka import KafkaProducer

import json

access_token =
access_token_secret =
api_key =

api_secret =

class StdOutlListener(StreamListener):

s producer = KafkaProducer( =
def on_data( TR L = StdOutListener()
= json.loads(data) auth = OAuthHandler(api_key, api_secret)
producer.send( , data.encode( )) auth.set_access_token(access_token, access_token_secret)
return True stream = Stream(auth, 1)
def on_error(self, status): stream. filter( =[

print_(status)

Code is slightly censored due to privacy concerns




- VORLIEGENDE DATEN

e |SON format
e |ots of Tweet parameters
e file already pre formatted



@ e
TW E E ETS Tonight, @FLOTUS and | tested positive for COVID-19. ~ Analysed sentiment:
( P S I T I V) We will begin our quarantine and recovery process

immediately. We will get through this TOGETHER! pOSltIVE
Meena Harris &
| @meena

Twitter for iPhone
| have COVID. Based on what | know, after testing . .
negative several times last week, either | infected my Analysed sentiment:
friend or she infected me. So far her symptoms are 10x i
worse than mine. I’'m boosted. She’s not. Get the pOSItIVE
booster, people.

7:12 PM - Dec 21, 2021 - Twitter Web App

i

S9eSa Michael B. Hancock @
i E Fi

|'ve tested positive for Covid and |
am now quarantining with mild

Analysed sentiment: ., ioms. pease. if you haven'

been vaccinated, get vaccinated. If

positive

you are vaccinated, make sure you

get the booster. It's making a big

difference in my case.



I I -' /hite Beloved actress, comedian and Ana|y5ed sentiment:
W E E E S American icon Betty White has died, just a week after .
negativ

having a vaccine booster shot which had been brought

( N E G ﬁ T I V) to her home per her physician.

J.‘ Marjorie Taylor Greene =
! (@n

itgreenee

BEISPIEL —~ -

Thousands of people are reporting very serious life
changing vaccine side effects from taking covid
vaccines.

5,946 deaths are reported on the CDC website.

Analysed sentiment:
Social media is censoring their stories & the media is .
silent. negatIV

Biden is going to homes to push shots.
19 Jeff Rose ==

I’'m seeing rumors that Betty White got the booster on
December 28th.

Just say NO!

2:39 PM - Jul 11, 2021 - Twitter for iPhone

Analysed sentiment:

IF the » Killed Betty White, I'm more mad than ever at negativ
Fauci, Biden, and all the rest of the covid clowns.



2 Angela Belcamino & 4 .
H U MAN VS ié{ @figelaBelcamino Model evaluation:
u Twitter should do a clean sweep and delete all of the negativ

accounts that said Betty White died because she got the

booster shot 3 days earlier. Her agent just debunked this.
This information is dangerous, hurtful, and shouldn't be

tolerated. Human evaluation:
Who agrees? rather pOSitiV

3:06 AM - Jan 4, 2022 O
Q Oy Model evaluation:
positiv/neutral
can't wait to put “fully vaccinated” on
my dating profiles like an adoptable dog  Human evaluation:
negativ
@ DgnaSt::I:uwaqr.tz“Q MOdel evaluathnZ

Can't wait for the vaccine so | can finally go to a movie pOS ItV

theater and lick the floor Human eva|uation:
9:04 PM - Nov 9, 2020 - Twitter Web App R
| negativ/neutral



MODELLVERGLEICH

Ubereinstimmungen:
1.Nicht gelabelte Daten
2.Vortrainierte Modelle
3.Sprache der Tweets beeinflussen Analyse nicht
4.|dentischer Datensatz
5.Englischer Tweet Corpus

(a) Training MNLI /NER /'SQuAD e

()] Gl - () ]I P S 7 A P G

machine
learning
algorithm

BERT o |- F BERT

-

cLS] Tok 1 . Tok N | [SEF] Tok1 | .. TokM fcLs] Tok1 | ... Tok N [SEF) Tok 1

classifier

Masked Sentence A Masked Sentence B

Unlabeled Sentence A and B Pair

Pre-Training Fine Tuning




NLTK

Bekannte Python Bibliothek

1.Tiefes Tool kann im gesamten NLP
Bereich eingesetzt werden

2.Tokenization

3.Speech tagging

4.Naive Bayes Classification

5.Vortrainiert auf immensen
Datenmengen verschiedener

Gebiete
6.unter anderem spezialisie
. Total Percentage
Sent|ment Analysen neutral 656 41.94
negative 464 29.67

7.Vorliegendes Sentiment |t 28.39
(positiv/neutral/negativ)

BERT

1.Google Al open-sourced

Bidirektionales Language Processing

2.Hervorragend geeignet fur fine
tuning and deep neural networks

3.Pretrained contextualised word
embeddings

4.Eher bei semi-supervised learning
anzuwenden

5.Bis zu 340 Millionen anpassbare
Parameter

6.Nicht Vor trainiert auf aktuellste
covid News und Entwicklungen

/. Vorliegendes Sentiment (1/0/-1)

Total Percentage
neutral 1618 b4 .58
negative 468 29.41
positive a4 6.01

newtral

negative




DATENAUSWERTUNG
BERT Modell
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neutral 161 64.58
negative 468 29.41
positive a4 6.81
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DATENAUSWERTUNG

Sentiment Reply Counts

NLTK Modell
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PROBLEME EINES TWITTER
SENTIMENTS

Die Daten sind mehrheitlich von einer Quelle
Auf Twitter werden hauptsachlich Informationen von
Befurwortern veroffentlicht (biased)

Werbung ist oft schwer zu filtern

Memes oder Sarkasmus lassen sich von einem Algorithmus
nur schwer analysieren

Ohne das evaluieren durch einen Menschen konnen schlecht
Handlungsempfenlungen geben werden




Vielen lieben
Dank fur Eure
Aufmerksamkeit!




