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(Deep Learning Based Fake Face Detection)
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Abstract Recently, the increasing interest of biometric systems has led to the creation of

many researches of biometrics forgery. In order to solve this forgery problem, this paper
proposes a method of determining whether a synthesized face made of artificaial intelligence is
real face or fake face. The proposed algorithm consists of two steps. Firstly, we create the fake
face images using various GAN (Generative Adversarial Networks) algorithms. After that, deep
learning algorithm can classify the real face image and the generated face image. The
experimental results shows that the proposed algorithm can detect the fake face image which
looks like the real face. Also, we obtained the classification accuracy of 83.7%.
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Table 3 Correlation between Input Data and
Validation Data

Data Validation Accuracy
Input-200,000
S 68.1 %
Validation—-600
Input-200,000
L. 83.7 %
Validation—-6,000
Input-200,000
L 99.8 %
Validation—60,000
Input-200,000
99.99 %

Validation—100,000

Table 4 Correlation between Input Data and
Validation Data

Data Validation Accuracy
Input-200,000
98.9 %
Epoch-10
Input-200,000
99.8 %
Epoch-20
Input-200,000
99.6 %
Epoch-30
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