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Background — Bottlenecks of ML Framework in Cloud
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Background — Device-Cloud Collaborative ML Framework
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Background — Multithreading in Python

Python GIL(Global Interpreter Lock):
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Architecture of Walle
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1. Compute Container
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Figure 3: Architecture of compute container.
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1. Compute Container: thread-level VM
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1. Compute Container: Tensor Compute
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1. Compute Container: Tensor Compute Engine
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1. Compute Container: Tensor Compute Engine

2. Semi-Auto Search:
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Architecture of Walle
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2. Data pipeline: Stream Processing
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Figure 4: Architecture of data pipeline.
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2. Data pipeline: Stream Processing

Trigger Engine in On-Device Stream Processing
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2. Data pipeline:
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Architecture of Walle
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3. Deployment Platform
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Evaluation: Computing Container in Live Streaming
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Evaluation: Data Pipeline in Recommendation
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Evaluation: Benchmark
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Evaluation: Benchmark
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