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Abstract

Score following is a technology that estimates the current position in a musical score in real time based
on the incoming audio signal during a performance. It is applied in various fields such as music education
and real-time accompaniment. However, most existing real-time score following methods are trained on
synthetic audio data, which leads to performance degradation in real-world environments due to the presence
of other instruments, noise, and sound variations caused by acoustic conditions. In this study, we enhance
real-time score following performance by applying Conv-TasNet, a real-time audio source separation model,
to remove background noise and interference during live performances.
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Fig. 1. Conv-TasNet Block Diagram
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Fig. 2. Sound separation result of Conv-TasNet
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